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Method

Formal-run

1. Keyword-based Approach
2. Logistic Regression Approach

Additional challenge
3. Support Vector Machine(SVM) Approach



Introduction

Why keyword-based?

Keyword related to disease or symptom

Tweet

[ C D !



Keyword-based Approach

Every tweet is assessed

If the tweet contains the feature keywords by label

Table 1: Feature keywords for each label.

Label Keyword(s)

Influenza 127, WAnD

Diarrhea TR, 7)), BIEE T, BAEn%EL7Z

Hayfever {EEME, MAAL & D

Cough %, 308, &2, &, &,

Headache SHJE, BEAVE, B EAE, D2 EDN 0, FEAN 20
Fever BIRD, @B BV, BT, ROMT, ROV H
Runnynose | $8/KAY, SK, 1ZBATH, NF I A, @,

Cold JEUVH




Logistic Regression Approach

The tweet of traindata and testdata

Target for analyzing \/
Tweet contain keyword

Table 2: Targeting keywords for each label.

Label Keyword(s)
Influenza 1 V7))
Diarrhea T
Hayfever V% i)

Cough %, %
Headache 5H, &
Fever 2
Runnynose |

Cold J&HR




Logistic Regression Approach
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p >= 0.5== 1(positive) p < 0.5 == 0(negative)



Support Vector Machine Approach

Liner method

Keyword-based

Logistic Regression Some false-positive

Non-Liner method

SVM with RBF kernel | = sloves to non-liner problems



Result

Table 3: Top five results in Formal-run and our approach results. Unofficially, Resl is replaced with Res3
due to a fault in predicting phase of the logistic regression approach.

Group ID Exact_ F'l-micro Precision-  Recall- Fl-macro Precision-  Recall-
match micro micro macro macro
NAIST_medweb_result-ja-2 0.880 0.920 0.899 0.941 0.906 0.887 0.925
NAIST _medweb_result-ja-3 0.878 0.919 0.899 0.940 0.904 0.885 0.924
NAIST _medweb_result-ja-1 0.877 0.918 0.899 0.938 0.904 0.887 0.921
AKBL_medweb_result-ja-3 0.805 0.872 0.896 0.849 0.859 0.883 0.839
UE_medweb_result-ja-1 0.805 0.865 0.831 0.903 0.855 0.819 0.902
Vanilla-SVM-unigram 0.761 0.849 0.843 0.854 0.835 0.828 0.842

AI'TOK_medweb_result-ja-5 [Resb 0.814 0.894 0.854 0.938 0.877 0.830 0.933
AI'TOK_medweb_result-ja-4 [Res4 0.780 0.867 0.830 0.908 0.851 0.808 0.904
AITOK _medweb_result-ja-3 [Res3 0.633 0.728 0.761 0.698 0.715 0.741 0.706
AITOK _medweb_result-ja-2 [Res2 0.503 0.706 0.726 0.687 0.696 0.738 0.767

- Keyword-based(Res2) and Logistic Regression(Res3)

were not good result

- SVM approach (Res4,Resb5) was better than vanilla-SVM



Conclusion

» Keyword-based and Logistic Regression approach
were not enough.

* Both approach were very simple.

* SVM approach is good compared with both
approach.



