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Methodology

The current approach for laboratory evaluation of inforarataccess systems relies on
Cran eld methodology, which makes usexjperimental collections

| An experimental collectio@ allows the comparison of information access systems iago
to some measurements which quantify their performances;

| If we reasoning about this evaluation paradigm, a rst s&gdol point out that the
experimental evaluation in tHaformation Retrieval (IR) eld is a scienti c activity and,
as such, its outcomes are di erent kinds of valuabienti ¢ data

| Using the experimental data, we produce dierent perfoomameasurements, such
precision and recall, that are standard measures that agtaosevaluate the performanc
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Extending Evaluation

theScienti ¢ data, their curation, enrichment, and inter@®n are essential components o
scienti ¢ research. These issues are better faced anddfrantiee wider context of the

rdcuration of scienti ¢ data, which plays an important role on the systematic de nitiba o
proper methodology to manage and promote the use of data.

| Therefore, we have to take into consideration the posgsibflinformation enrichment of
scienti ¢ data, meant as archiving and preserving scientata so that the experiments,
records, and observations will be available for futurareseas well as provenance, curation
and citation of scienti ¢ data items.

ASFurthermore, the importance of some of the many possitdensdor which keeping data is
€Simportant are for example:

of anInformation Retrieval System (IRS) for a given experiment. Starting from these

performance measurements, we can compute descriptigctasuch as mean or med
used to summarize the overall performances achieved bypanneant or by a collectio
of experiments. Finally, we can perform hypothesis testo#rer statistical analyses |
conduct an in-depth analysis and comparison over a set efi@gnts.

data: the experimental collectionsand theexperimentscorrespond to the \data level" |
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iELn B re-use of data for new research, including collection basearch to generate new scienc

'B retention of unique observational data which is impossibie-create;

B retention of expensively generated data which Is cheapegtdain than to re-generate,
B enhancing existing data available for research projects;

B validating published research results.

Key Points

Conceptual model and metadata the Iinformation space implied by an evaluatior

n campaign needs an appropriate conceptual model whichriikesnsideration and describes

the hierarchy, since they are the raw, basic elements némdady further investigation all the entities involved by the evaluation campaign. Frazoreceptual model we can derive

and they would have little meaning by themselves. In facexaeriment and the list gf also appropriate data formats for exchanging informateong organizers anc
results obtained conducting it are almost useless with@laaonship with the experimentaUnique Identi cation Mechanism
collection with respect to which the experiment has beeducted and the list of resulis

produced; those data constitute the basis for any subsecpmaputation;

Information : the performance measurementsorresponc

to the \information level" in the

participants.

the lack of a conceptual model also implies that thel
IS no common mechanism for uniquely identify the di eregital objects involved In
an evaluation campaign. Indeed, the possibility of citowgnsi ¢ data and their further
elaboration is an e ective way for making scientists andarebers an active part of the

hierarchy, since they are the result of computations andessing on the data, so that e digital curation process.

have associated a meaning to the data by way of some kinchinbrral connection. Fg
example, precision and recall measures are obtained toygdiee list of results containe
In an experiment with the relevance judgemants

Knowledge thedescriptive statisticsand thehypothesis testgorrespond to the \knowled
evel" In the hierarchy, since they are a further elabanadicthe information carried by t
performance measurements and provide us with some irsightsthe experiments;

wisdom theories models algorit

the hierarchy, since they provide interpretation, exgianaand formalization of the conte
of the previous levels.

Infrustructure

The experimental evaluation is usually carried out In ingmrinternational evaluatior
campaigns which bring research groups together, provadeunth the means for measuri
the performances of their systems, discuss and comparssthais.

There are issues raised at international level which duggEsthe IR experimenta
evaluation as a source of scientic data requests and tHaageam methodology itse
need to be reconsidered to be properly supported by an maganal, hardware, an

and citation of the produced scienti ¢ data.

B The EC In the 12010 Digital Library
scienti ¢ information are essential elements to build geam elnfrastructure for knowled
sharing and transfer, feeding the cycles of scienti cnasaad innovation up-take?.

B The US National Scienti ¢ Board points out that \organizaits make choices on ber

nms techniques and observations which are usually
communicated by means of papers, talks, and seminarspmmrceto the \wisdom level" ip

If
d
software Infrastructures which allow for managementglsgaccess, curation, enrichment,

nitiative clearly statéhat \digital repositories of

rStatistical Analyses In developing an infrastructure, it is advisable to add stwmma of

d support and guide to participants for adopting a more umfaay of performing statistical

analyses on their own experiments. If this support is ag@eticipants can not only bene t

from standard experimental collections which make theem@xents comparable, but they
can also exploit standard tools for the analysis of the empetal results, which would make
the analysis and assessment of their experiments congtarabl
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