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biasvar.py (biasvar.m, biasvar.sci)
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Python sample (linearnorm.py)

import numpy as np
import matplotlib.pyplot as plt

cov = np.matrix([[1, 0], [0, 3]1)
icov = np.linalg.inv(cov)
r = np.matrix([[np.cos(np.pi / 3), -np.sin(np.pi / 3)],
[np.sin(ap.pi / 3), np.cos(ap.pi / 3)11)
xx, yy = np.meshgrid(np.linspace(-5, 5), np.linspace(-5, 5))
plt.figure()
plt.axis(’equal’)
p=1./ (2. *x np.pi * np.sqrt(np.linalg.det(cov))) \
* np.exp(-1. / 2. * \
(icov[0, 0] * xx * xx \
+ (dicov[0, 1] + icov[1l, 0]) * xx * yy \
+ icov[1l, 1] * yy * yy))
plt.contour(xx, yy, p)



# plt.savefig(’linearnorm-1.eps’)
plt.figure()

plt.axis(’equal’)

cov2 = r.T.dot(cov).dot(xr)

icov2 = np.linalg.inv(cov2)

Python sample (linearnorm.py)

pp = 1. / (2. * np.pi * np.sqrt(np.linalg.det(cov2))) \

* np.exp(-1. / 2. \

* (icov2[0, 0] * xx * xx \
+ (icov2[0, 1] + icov2[1l, 0]) * xx * yy \
+ icov2[1, 1] * yy * yy))

plt.contour(xx, yy, pp)
# plt.savefig(’linearnorm-2.eps’)
plt.show()
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Python sample (linearnorm.py)




Matlab sample

cov=[1 0; 0 3];

r=[cos(pi/3) -sin(pi/3); sin(pi/3) cos(pi/3)];

[xx,yy]l=meshgrid(-5:0.5:5,-5:0.5:5);

xy=[xx(:) yy(:)];

figure

p=1/(2*pi*sqrt(det(cov))) * ...
exp(-1/2*diag(xy*inv(cov)*xy’));

contour (xx,yy,reshape(p,size(xx)),10);

figure

p=1/(2*pi*sqrt(det(cov))) * ...
exp(-1/2*diag(xy*inv(r’*cov*r)*xy’));

contour (xx,yy,reshape(p,size(xx)),10);
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Whitening Transformation (whitening.py)
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from scipy.io import loadmat
data = loadmat(’data.mat’)

= data[’x’] # data matrix
covl = data[’covl’] # covariance matrix 1
cov2 = data[’cov2’] # covariance matrix 2
ml = data[’m1’] # mean vector 1
m2 = data[’m2’] # mean vector 2

7 7 4 MFFEFHED Web R— & D &7 > 1 — FE[HE,

Google Colaboratory % fif 5 35513, Google drive EDIHE 7 + L & h & EHEH AIA AR EE,
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