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• As LLMs grow popular in both academia and industry, how to effectively evaluate 
the capacity of LLMs becomes an increasingly critical but still challenging issue.

• Current evaluation methods for LLMs could be categorized into two groups:

==>  Automatic Evaluation of LLMs (AEOLLM)
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• AEOLLM has two main characteristics: 
   1. concentrates on generative tasks   
   2. encourages reference-free evaluation methods.
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• AEOLLM has two main characteristics: 
   1. concentrates on generative tasks   
   2. encourages reference-free evaluation methods.

multiple-choice-format questions: easy to process, but this format differs from the 
real-world practical questions, which usually don’t have definite answers.

generative tasks: evaluate the capacity of automatic evaluation methods in 
assessing open-ended responses.

Motivation



• AEOLLM has two main characteristics: 
   1. concentrates on generative tasks   
   2. encourages reference-free evaluation methods.

reference-based metrics (such as Rouge and BLEU):  widely used, but cannot 
accurately reflect the quality of the results. 

the gold reference can be trained rapidly by LLMs and then become useless.
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• Challenge: Through AEOLLM, our findings revealed that current 
automatic evaluation methods of LLMs still remain limited in 
effectiveness when applied to long-form generation tasks.
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• Growing trend: Use LLMs to generate Deep Research Reports:
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• Challenge: Through AEOLLM, our findings revealed that current 
automatic evaluation methods of LLMs still remain limited in 
effectiveness when applied to long-form generation tasks.

• Growing trend: Use LLMs to generate Deep Research Reports:

==> NCTIR-19 Automatic Evaluation of LLMs 2 (AEOLLM 2)
• focuses on the automated evaluation of long-form texts
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Methodology
• The framework of our methodology:



Methodology
• First, we choose multiple types of subtasks as shown in the table below: 

Task Description

Text Expansion (TE) Generate long-form stories 
related to the given theme

Survey Generation (SG) Generate an academic 
survey on a given topic

Report Generation (RG) Collect relevant information 
for a given question and 
generate an in-depth report

Legal Case Document 
Generation (LCDG)

Generate a complete multi-
stage legal case document



Methodology
• Second we choose a series of popular 
    LLMs to generate answers: 



Methodology
• Third we manually annotate the answer sets for each question, which will be used 

as gold standards for evaluating the performance of different evaluation methods.



Methodology
• Last, we will collect evaluation results from participants and calculate consistency 

with manually annotated results. We will use Spearman correlation coefficient 
(S) and Kendall’s tau (τ ) as the evaluation metrics.



Dataset & Resources
• Text Expansion (TE):  WritingPrompts (https://huggingface.co/datasets/euclaise/writingprompts)

• A large dataset of 300K human-written stories paired with writing prompts from an online forum.

• Survey Generation (SG): SurGE (https://github.com/oneal2000/SurGE)

• A dataset for end-to-end scientific survey generation in the computer science domain.

• Report Generation (RG): DeepResearch Bench (https://github.com/Ayanami0730/deep_research_bench)

• A dataset consists of 100 PhD-level research tasks,  each meticulously crafted by domain experts across 22 distinct fields

• Legal Case Documents Generation (LCDG): CaseGen (https://github.com/CSHaitao/CaseGen)

• A dataset includes 500 real-world legal case instances, each structured into seven sections: Prosecution, Defense, Evidence, 

Events, Facts, Reasoning, and Judgment. 

https://huggingface.co/datasets/euclaise/writingprompts
https://github.com/oneal2000/SurGE
https://github.com/Ayanami0730/deep_research_bench
https://github.com/CSHaitao/CaseGen
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⚐ Sep 3, 2025: Kickoff Event
⚐ January 2026: Dataset release*
⚐ January-June 2026: Dry run*
⚐ March-July 2026: Formal run*
⚐ August 1, 2026: Evaluation results return
⚐ August 1, 2026: Task overview release (draft)
⚐ September 1, 2026: Submission due of participant papers (draft)
⚐ November 1, 2026: Camera-ready participant paper due
⚐ December 8-10, 2026: NTCIR-19 Conference
⚐ (* indicates that the schedule can be different for different tasks)

Schedule



Thank you!
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