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Background & Motivation

• Human values (HVs) are enduring principles that influence human behavior.
• LLMs exhibit bias in value-grounded cognition and value-consistent expression of Large Language Models (LLMs):       

• Understanding & Expression biases
• Value hallucination
• Value distortion

• Goal: Event-centric value understanding & value-consistent expression in fact news

Level 2
Value Category

Level-1
Value

Self-direction: thought Be creative

Be curious

Have freedom of thought

Stimulation Have an exiting life

Have a varied life

Be daring

Achievement Be ambitious

Have success

Be capable

Power: dominance Have influence

Have the right to command

Have a good reputation

Examples of Human Value Categories

Foundational 
human values

Model value 
priors

Value alignment [6]

Fact news events / narratives

News narratives express values 
in real-world activities

LLM value cognition drives value-
consistent expression

Real-world human 
activities

Value-grounded communication & 
knowledge mediation

Value-grounded cognition

Value Understanding
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• Main tasks:
• Task-1: Human Value Classification:
• Task-2: Value-aware Text Generation:

• Task-2a: Value-aware text paraphrasing
• Task-2b: Value-aware text summarization

• Participation: Each task can be joined independently.
• Adopted human value taxonomy: Level-1 54 value categories [1-5] (e.g., 

Be responsible, Be honest, Have freedom of thought).
• Evaluation: organizers (Auto & Human-assisted evaluation)

Task Overview

Human value Taxonomy [1]
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• Objective: Identify human values expressed by each specific actor in a news 
article and avoid over-prediction or value distortion.

• Provided data:
• Factual news article
• List of main actors

• Output:
• For each actor, predict a set of values with direction:

• Aligned with human values
• Contradictory to human values

• Error definition:
• Omission error: missed gold labels
• Hallucination error : predicted values not in gold labels
• Reversal error : predicted opposite direction (aligned ↔ contradictory)

Task-1: Human Value Classification

Actor: UK Law Enforcement and Judicial System 

Be just

Be responsible

Aligned human 
values

Have good health

Be just
Be responsible

Contradictory 
human values

Actor: Suspected Human Smugglers 

Essex lorry deaths: Man charged with 
immigration offence

A man has been charged with an immigration offence 
in connection with the deaths of 39 people in a lorry 
in Essex. Gazmir Nuzi was arrested in London on 
Thursday, according to Essex Police. The 42-year-old 
has been charged with conspiracy to facilitate the 
commission of a breach of UK immigration law by a 
non-EU person……

Actors: 
    UK Law Enforcement and Judicial System
    Suspected Human Smugglers 

Output

Provided data
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• Objective: Perform sentence-level paraphrasing while keeping original 
semantics and human values of entire article unchanged

• Provided data:
• News article 
• List of main Actors
• Specified paraphrasing type (each with ~100 samples):

• Negation Switching | Entailment Extension | Opposite Polarity | 
Ellipsis / Compression

• Sentence-level applicable transformations 
• Output:

• Rewritten article
• Output Requirements:

• Faithfulness to original news & Natural and fluent news style
• Must preserve human value expressions

Task-2a: Value-aware Text Paraphrasing
Essex lorry deaths: Man charged with 

immigration offence
{[A man has been charged with an immigration 
offence in connection with the deaths of 39 people in 
a lorry in Essex. ] [Gazmir Nuzi was arrested in London 
on Thursday, according to Essex Police.]}

Actors: 
    UK Law Enforcement and Judicial System
    Suspected Human Smugglers 

Provided data

Target paraphrasing type: 
Ellipsis / Compression

Output

Essex lorry deaths: Man charged with 
immigration offence

{["A man was charged with an immigration offence 
over 39 deaths in an Essex lorry.] [Essex Police said 
Gazmir Nuzi was arrested in London on Thursday.]}

Sentence-level applicable transformations: 
    [“sentence_0”: [“Ellipsis / Compression”], … ]

Document-level value evaluation 
(Wil be evaluated by organizers)
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• Objective: Generate a concise news summary while preserving core human 
values. 

• Provided data:
• Full news article (document-level)
• List of main Actors
• Compression rate: (min_words ~ max_words)

• Output:
• Generated summary

• Output Requirements:
• Faithfulness to original news
• Readable and fluent summary style
• Core value must be retained; omission will be penalized heavily.
• Omit supporting/marginal values is accepted, but their inclusion 

provides small bonus rewards.
• No hallucination or value distortion

Task-2b: Value-aware Text Summarization

Essex lorry deaths: Man charged with 
immigration offence

A man has been charged with an immigration offence 
in connection with the deaths of 39 people in a lorry 
in Essex.  Gazmir Nuzi was arrested in London on 
Thursday, according to Essex Police…

Actors: 
    UK Law Enforcement and Judicial System
    Suspected Human Smugglers 

Provided data

Compression rate:  (min words ~ max words)

Output

Essex lorry deaths: Man charged with 
immigration offence

Essex Police: Gazmir Nuzi was arrested in London 
Thursday; a man was charged with an immigration 
offence over 39 Essex lorry deaths…

Core HVs

Supporting HVs

Marginal HVs

Gold Labels

Value Evaluation (Wil be evaluated by organizers)
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• Metric: Weighted F1
 

• Error penalties: Hallucination (λ₁ = 1.0) & Reversal (λ₂ = 2.0)

Evaluation-(1/3): Task-1 | Human Value Classification

Gold labels Predicted labels (Not in gold labels) Error Type

Only aligned HVs
Aligned labels Hallucination
Contradictory labels Reversal

Only contradictory HVs
Contradictory labels Hallucination
Aligned  labels Reversal

Both Either Hallucination
Empty Either Hallucination

Distinguishing Hallucination VS Reversal Error

Direction error: aligned ↔ contradictory Reversal
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• Main Evaluation: 
• Value Consistency Score (VCS): Weighted F1 scores (same as Task 1)

• Preserve original human values (avoid hallucination / reversal)
• Style-aware Paraphrasing Score (SPS):

• Type satisfaction (TS): Whether the generated paraphrased document correctly achieves the required transformation 
type t. 

• Degree of Paraphrasing:
• Edit Rate (ER): proportion of edit operations (insert, delete, substitute) between source and paraphrase.
• Lexical Rewrite Rate (LRR): proportion of changed content words between source and paraphrase.
• Syntactic difference (SD): proportion of differences in dependency/syntactic relations between source and 

paraphrase.

• Supporting Evaluation:
• Semantic Consistency (BERTScore or QA-based checks)
• Fluency (GPT-as-judge / perplexity)

Evaluation-(2/3): Task-2a | Value-aware Paraphrasing
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• Main Evaluation: 
• Value Consistency Score

• Core Value: Weighted F1 score (same as Task-1)
• Supporting Coverage

• Marginal Coverage

• Final Score

• Credit weight: supporting (η) > marginal (μ)
• Supporting Evaluation

• Semantic / Factual Consistency: BERTScore, QA-based checks
• Fluency (GPT-as-judge / perplexity)

• Text Similarity with Gold Reference (Optional): ROUGE, BERTScore

Evaluation-(3/3): Task-2b | Value-aware Summarization

Value Type If retained Penalty Credit

Core 
Yes No Yes++
No Yes No

Supporting
Yes No Yes+
No No No

Marginal
Yes No Yes
No No No

Penalty and credit for different matches
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Data Preparation

HV-based Event Knowledge Base

Action Triplets

Behaviors

Paraphrase

Summarization

Story 
Narratives

Subevents & Argument Mentions

News Article: In September 2015, the EPA exposed that Volkswagen had installed software 
in millions of cars to manipulate emissions tests. Known as the “Dieselgate” scandal, this revelation led to global outrage, 
regulatory investigations, and billions in fines, severely damaging VW‘s reputation and raising ethical concerns, .…

Phase-1: Event Base Construction Phase-3: HV-aware Text 
Generation Corpus Construction

Behavior 
Chains

Human Value Annotation

• Shallow HV-aware 
Textual Generation

Phase-2: Human Value Annotation

LLM Annotation

QA-based HV 
Verification 

Human Annotation

Article-based Human 
Values

Single Subevent-based 
Human values

Cross-subevent-based 
Human Values

Story Narrative-based 
Human Values

Behavior Chains-based 
Human Values

• Deep HV-aware 
Textual Generation

Current progress

Voting Mechanism (3)
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• Benchmark Contribution
• Build a more complete benchmark dataset for human value understanding through participants’ 

contribution.
• Evaluation & Application

• Encourage the community to propose automatic value evaluation approaches for LLM generation.
• Integrate human values into model pre-training to enhance value-sensitive content generation, especially in 

news and media.

• Closing
• Contribute to NTCIR-19’s mission of evaluating quality & social trustworthiness in AI-generated 

content.

Expected Impact & Closing
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• 2025
• September: Partial Task Overview Release
• November: Trial Data Release

• 2026
• January: Final Data Release
• January: Dry run
• March-July: Formal run
• August 1: Evaluation results returned
• August 1: Task Overview Release
• September: Paper submission due
• November: Camera-ready submission due
• December: NTCIR-19 Conference

Important Dates
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Thank you!

Coming soon：The detailed data schema will be released on the task website.

• Sample data schema (Continuously updating)
• Presentation slides
• Task & Contact Information
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