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Lifelog-3 task

1. Advance the research in lifelogging

2. Three sub-tasks:

o Lifelog Insight Task (LIT)
o Lifelog Activity Detection Task (LADT)
o Lifelog Semantic Access Task (LSAT)
m Interactive manner
m Automatic manner

3. Dataset:
O 42days
O Multimedia, Biometrics, Human Activity, Computer Usage



Retrieval System Overview

1. Offline data processing
2. User interaction



Retrieval System Overview

Scene classification

ResMetl52
Places365-5Standard dataset

COCO Object Detector

Faster R-CNN with ResNet 101
MS COCO Dataset

Habit-based Object detector

Faster R-CNN with ResNet 101
Dataset extracted from Open Images V4

Lifelog retrieval system V2

Synonyms finding engine
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Autocomplete engine

Web Application

Storage structure

Searching moments by conditions
Selecting answer from result moments
Reviewing answer




Scene classification

e Model: Residual Network (ResNet)

e Dataset: Places365-Standard dataset
o 102 scene attributes
o 365 scene categories

e Filter attributes, categories



Scene classification

car interior (0.785)

airplane cabin (0.062)

bus interior (0.052)
cockpit (0.047)

train interior (0.011)

roof garden (0.256)
greenhouse/indoor (0.112)

topiary garden (0.084)

botanical garden (0.055)

balcony/interior (0.044)

car interior (0.298)
staircase (0.045)
patio (0.042)
cockpit (0.042)
coffee shop (0.034)
attic (0.782)

living room (0.097)
bedroom (0.083)
hotel room (0.003)

alcove (0.08)



Object detection

e COCO Object detection
o 80 concepts, 11 super-categories
e Habit-based object detection
o Aset of detectors
o Todetect concepts in the lifelogger’s daily activities



Object detection

e COCO Object detection
o Faster R-CNN
o MS COCO Dataset
e Habit-based object detection
o Faster R-CNN
o Extracted from Open Images Dataset V4



Open Images Dataset V4

10



Habit-based object detection
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Habit-based object detection

Tablet computer 0.774

Headphones 0.982

Pizza 0.975
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User interaction

e Afriendly user web interface that allow the user to:
o Input criteria (scene, concepts, time, .etc)
o Traverse back and forth from a moment
o Modify answer
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User interaction

LSC SYSTEM CJ Retrieve

Search

Search topic

© Basic criteria 52 Location
Attributes: Accuracy:
?
Categories: Accuracy:
?
Concepts:
?
apple x  laptop x )

Result - 31 result(s)

>

16 / page




User interaction

LSC SYSTEM CJ Retrieve

Search Result - 3 result(s)

Search topic

@ Basic criteria 52 Location
FPETR
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Query by date information Q

Extra information: Location name:

1 16 / page
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User interaction

LSC SYSTEM

Review answer

v Answer

u1_20180512_1811_i02




Experiment

e Find the moment when User 1 was eating ice-cream
beside the sea




Experiment

e Find the moment when User 1 was eating fast food
alone in arestaurant.
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Results

e Highestresultin NTCIR-14 LSAT
e Rank 1inImageCLEF 2019 Lifelog - LMRT
e Top 3 LSC Lifelog Search Challenge (LSC 2019)

Group ID Run ID Approach MAP P@10 RelRet

NTU NTU-Runl Interactive 0.0632 0.2375 293
NTU NTU-Run2 Interactive 0.1108 0.3750 464
NTU NTU-Run3 Interactive 0.1657 0.6833 407
DCU DCU-Runl Interactive 0.0724 0.1917 556
DCU DCU-Run?2 Interactive 0.1274 0.2292 1094

HCMUS HCMUS-Runl Interactive 0.3993 0.7917 1444
QUIK QUIK-Runl Automatic 0.0454 0.1958 232
QUIK QUIK-Run2 Automatic 0.0454 0.1875 232
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Conclusion

e Retrieval System
o Data processing, User interaction
o Use visual information
e Futurework
o Make use of other metadata
o Automaticrun
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Overall mAP

Methods comparison
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Lifelog Semantic Access Task (LSAT)

e Retrieve specific moments in the lifelogger's life
e Example: Find the moment when User 1 was eating ice-
cream beside the sea.




