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In our experiment, we try to extract subtopics from the query recommendations

of comercial search engines and Wikipedia items. We decide a subtopic’s rank Documents Retrieval Models

by its appearance in different places.

Probabilistic model is leveraged for document ranking, which is based on

Resource Weight
2 BM25 and combined with our previous proposed word pair model.
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1 click The browse graph is built based on the filtered Sogou toolbar logs of 2008,
and then PageRank is calculated on this graph. At last, the search result is
re-ranked by the PageRank value.
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2 clicks Documents Duplication Elimination
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SH 6 For the search result of a query, cosine similarities between every two

o 3 documents are calculated. They form an upper triangular matrix. Then
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Other approaches

The main idea of this algorithm is: when deciding the candidate document
at position k, we select the document which could introduce the most novel
information despite of all the results before position k. In this way, we hope
to make the top documents in the result cover as many diverse information
needs as possible.

* We find synonymous subtopics by analyzing the clickthrough data and remove
reduplicate subtopics from our runs.

* Specificially, we try to recognize four kinds of common intents of topics:
Online Music, Online Video, Online Novel and Encyclopedia. If we find that a
topic has one of the above intents, we will improve the rank of related subtopics.
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Run name__| SYSDESC fiokd D#uDCGE10 Trec010 | D-nDOGGI0 | DF-nDCGGI0 ~Description
THUS-C-1 | Hints from Search Enginos with user needs ro-rank, removing rodupli- e THUIR-D-C-1 | 0.6803 0.4542 05717 i Duplication Eliminath
5

cate ones with Qurey-Url graph model _ THUIR-D-C-2 | 0.6495 0.3853 0.5174 Novelty-Result Selection algorithm.
THU-S-C-2 Hints from Search Engines with user needs re-rank, removing redupli- THUIR-D-C-3 0.5079 0.2508 0.4288 D#nDCG-based selection algorithm.

S :",‘;“u‘i“‘m” Ryt niie: RS anking bass Lo ypote R THUIR-D-C4 | _0.6001 0.2560 0.4285 D#-nDCG-based seloction Fuser browse 1ogs.
TS| i Froes e Frgnes S e oo otk T THUIR-D-C-5 |_0.6861 0.4573 05717 Rosult ro-ranking with HITS.
DT T T | Topics pmerated Bsed oo the o, ting caery ol Mot Appeated S Bascline 0.5157 0.2067 0.4062 the original retrievaled results,

with anchor text according to retrieved documents.

THU-S-C-5 Topics generated based on large logs, using query-url model. Appended
with anchor text ding to retrieved 0.3672
THU-S-C-comp | Hints from Scarch Engines 0.5072




