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In this paper, we describe the IMTKU (Information Management at TamKang University) textual entailment
system for recognizing inference in text at NTCIR-9 RITE (Recognizing Inference in Text). We proposed a textual
entailment system using a hybrid approach that integrate knowledge based and machine learning techniques for
recognizing inference in text at NTCIR-9 RITE task. We submitted 3 official runs for both BC and MC subtask. In
NTCIR-9 RITE task, IMTKU team achieved 0.522 in the CT-MC subtask and 0.556 in the CT-BC subtask. For
RITE4AQA subtask, the best MRR of IMTKU team is 0.3998 in CS-RITE4QA and 0.3992 in CT-RITE4QA subtask.
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